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Reinforcement Learning (RL) Roadmap

Finding the best mesh management
policy through exploration
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Every time step, the RL agent:

a. chooses relaxation directives
b. observes the result of the next step
c. receives a reward based on mesh quality

Goal: Maximize cumulative reward

3 Train
Offline learning:

Merlin + Hydra generates
database for off-policy
actor-critic agent

Online learning:

On-policy actor-critic
algorithm
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1 Metrics Evaluate Mesh Quality? / Rewards Assess RL Policies
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Disclaimer

This document was prepared as an account of work sponsored by an agency of the United
States government. Neither the United States government nor Lawrence Livermore National
Security, LLC, nor any of their employees makes any warranty, expressed or implied, or
assumes any legal liability or responsibility for the accuracy, completeness, or usefulness of
any information, apparatus, product, or process disclosed, or represents that its use would
not infringe privately owned rights. Reference herein to any specific commercial product,
process, or service by trade hame, trademark, manufacturer, or otherwise does not
necessarily constitute or imply its endorsement, recommendation, or favoring by the United
States government or Lawrence Livermore National Security, LLC. The views and opinions of
authors expressed herein do not necessarily state or reflect those of the United States
government or Lawrence Livermore National Security, LLC, and shall not be used for
advertising or product endorsement purposes.



